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Language corpora are one of the most effective tools of applied linguistics, which are actively used in various
fields of human life. The automated selection, compilation and analysis of text corpora of virtually unlimited size open
up new perspectives not only for linguistic research, but also for professionals who use such data to solve practical
problems. Corpus-based methods have great potential for improving language teaching, including translation, as
they allow for the accurate and targeted selection of specialised linguistic materials necessary for mastering the
lexical minimum, peculiarities of usage and translation of key language units, as well as for identifying current
language trends in a particular field.

Among the tools for working with corpora, Sketch Engine stands out as one of the most powerful, as it does
not only analyse existing corpora but also creates your own, including multilingual ones. This makes it possible
to quickly and efficiently research professional texts, identify key terminology and common phrases, analyse
translation strategies, and create training materials for future translators. The use of the CQL query language allows
improving search accuracy and obtaining more relevant linguistic data.

The given article, which is a part of a larger study, discusses such an important function of Sketch Engine for
searching, analysing and selecting lexical material as term recognition and extraction using the built-in Sketch
Engine Keywords tool. This tool not only allows to identify terms and term combinations in professional texts
with high accuracy, but also to compare the frequency of use of such words and combinations in both the studied
and the reference corpora, which significantly increases the efficiency of search in general and linguistic analysis
of selected units in particular. Another aspect of this study is the methodology of corpus search for neologisms and
rarely used words. The latter is a challenge for corpus-based text analysis, as there are no universal search formulas
or even principles for finding such vocabulary, which, however, is an important component of professional texts.
The study is based on a corpus of English-language legal texts related to the IT sector, including licence agreements
and contracts.

Key words: corpus-based research, corpus, professional text, core vocabulary, term, neologism, Sketch Engine,
CQL universal query language.

MoBHI KOpIycH — OfWH 13 Halle()eKTUBHIMINX IHCTPYMEHTIB NMPHUKIAIHOI JIHTBICTHKH, 10 aKTHBHO 3aCTOCO-
BYIOTBCSI B Pi3HHX cepax AisTbHOCTI. ABTOMATH30BaHUN Mi0ip, KOMITUIALIS Ta aHaJIi3 TEKCTOBUX MAcHBIB ITPaK-
TUYHO HEOOMEKEHOTO 00CATY BiJIKPHUBAIOTH HOBI MEPCIIEKTHUBH HE JIMIIE TS (QUIONOTIYHUX NOCIiKEHb, a U IS
(axiBIIiB, 5IKI BUKOPUCTOBYIOTH TaKi JaHHI I BUPIMICHHS MPAaKTHYHUX 3aBAaHb. KoprmycHi MeToan MaroTh 3Had-
HUH MOTEHIIal Ul BIOCKOHAJIEHHs BUK/IAJaHHS MOB, 30KpeMa MepeKiIary, OCKIIBKU JO3BOJISIOTH TOYHO Ta Iiilie-
CIPSIMOBAHO BiIOMpATH CIeIiali3oBaHi JIHTBICTUYHI MaTepiaiv, HeoOX1IH1 ISl 3aCBOEHHSI JISKCHYHOTO MiHIMyMY,
0COOMMBOCTEH BXHMBAHHS Ta MEPEKIaay KIIOUOBUX MOBHHUX OfIMHHUIIb, @ TAKOXK /IS BUSBICHHS aKTyalbHHX JIIHTBiC-
TUYHUX TEHJICHIIIN Y KOHKPETHIN Tay3i.

Cepen iHCcTpyMeHTIB st poOoTu 3 kopmycamu Sketch Engine BUIISIEThCS SK OMUH 13 HAWIOTYXKHININX,
OCKIJTBKH 3a0e3Ieuye He JHIIe aHalli3 ICHYIOUHX KOPITYCiB, a f CTBOPEHHS BIACHHX, Y TOMY YHCIIi 0araTOMOBHHX.
Lle mae 3mMory mBUAKO Ta ¢PEKTUBHO JOCITIHKYBATH TATy3€Bi TCKCTH, BUSBISTH KJIIOYOBY TCPMiHOJIOTIIO, THIIOBI
CJIOBOCTIOJTYYCHHSI, aHATI3yBaTH MEPEKIIAAAIIBKI CTPATeTil Ta CKIIaAaTH HaBYaIbHI MaTepiany s MailOyTHIX mepe-
knanaviB. Bukopucranus mopu 3anuTiB CQL 103BOIISIE TABUIIMTH TOYHICTH MONIYKY Ta OTPUMYBATH OLIBIII pesie-
BaHTHI JIIHIBICTUYHI JaHi.
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Y mporoHoOBaHii CcTaTTi, MO € MPOJXOBKEHHIM OUTBIT MACIITA0OHOTO MOCIIKSHHS, PO3IIISIIAIOTHCS TaKa BaK-
nuBa ¢yHkiis Sketch Engine quis moiryky, aHamizy Ta BiIOOpY JEKCHYHOTO Marepialy, siK po3IMi3HaBaHHS Ta eKC-
TPaKIIisl TEpMiHIB 3a JioroMoror BOymoBaHoro iHcTpyMeHTa Sketch Engine Keywords. e iHCTpyMeHT He Jntie
JIO3BOJISIE 3 BUCOKOKO TOYHICTIO 1/ICHTH()IKYBaTH TEPMIiHM Ta TEPMIHOJIOTIUHI CIIONyUeHHs Y axoBUX TEKCTaX, a i
MOPIBHIOBATH YaCTOTHICTh BKMBAaHHS TAKWX CJIIB Ta CHOJIYYCHb Y JIOCHTIDKYBAaHOMY Ta pe(epeHTHOMY KopIycax,
0 3HAYHO MMiJBUIINYE e()EKTUBHICTD TOIIYKY 3arajioM Ta JIHTBICTHYHOTO aHATi3y BIIIOPaHUX OJMHHUIL 30KpeMa.
[1e OTHUM acIeKTOM JIaHOTO JIOCIIKEHHS € METOIMKA KOPITYCHOTO MOITYKY HEOJIOTi3MIB Ta PiAKOBKHUBAHKX CIIIB.
OcTaHHIH sIBIIsSiE COOOFO TICBHHI BUKJIMK JIJIsl KOPITYCHOTO TEKCTOBOTO aHai3y, a/pKe HE iICHY€ YHIBEpCaIbHHX IOMTY-
KOBUX (hOpMyJT 200 HABITh MPHUHIIMIIIB MOMIYKY TaKOT JICKCHUKH, sIKa, OJTHAK, € BAXKJINBOIO CKJIAJIOBOIO (haXOBHX TEK-
cTiB. JlochiDKeHHS BUKOHAHO Ha OCHOBI CTBOPEHOTO KOPITYCY aHINIOMOBHHMX FOPUIMYHHUX TEKCTIB, IMMOB’SI3aHUX 13
IT-cdeporo, 30kpema JiIEH31IHHUX YTO[T 1 TOTOBOPIB.

KurouoBi cjioBa: KOpITycHi JTOCITIPKEHHS, KOpITyc, (haXOBHH TEKCT, TepMiH, HeosiorisM, Sketch Engine, yHiBep-
canpHa MoBa 3anutis CQL.

The issue at hand. Emphasizing the practical application of linguistic analysis through language
corpora and methods to address everyday and scholarly language problems, corpus linguistics has
continuously developed a wide range of approaches: including both conventional fields, namely, text
analysis, lexicography, language description, corpus-based translation studies, terminology develop-
ment, and more recent endeavours, such as creating annotated corpora for natural language process-
ing, machine translation systems, and linguistic modelling for artificial intelligence. Notably, the new
methods have proven to be quite useful in both language teaching and translation studies, with new
corpora-supported insights into real-world language usage patterns and contextual shifts. Through
the efficient selection of core vocabulary, most common collocations, and their translation counter-
parts, corpus-based techniques assist in the learning process of field translation. They enable faster
vocabulary acquisition and field translation proficiency and significantly improve the accuracy and
contextual precision of language transfer. Therefore, one of the current topics in translation teaching
approaches seems to be comprehending the mechanism of field vocabulary selection and usage.

The latest research analysis. Corpus linguistics is the realm of studies which is approached by
scholars from diverse perspectives. Researchers have been examining its connections to computa-
tional linguistics, language acquisition, and machine translation, using corpus methods to develop
both analysis and teaching practices. The uniqueness of the discipline lies in maintaining active
research while adapting to new digital tools, thus making itself continuously relevant in the field of
scientific investigations. Scholars who have contributed to the filed most are the representatives of
computational models developers, applied linguists who perfect teaching methods, and researchers
in the sphere of quantitative linguistics. What drives them together is their reliance on the empirical,
data-driven framework which develops with the improvement of digital technologies. Thus, the issue
of vocabulary extraction and selection for various linguistic purposes has been a target area with the
focus on NLP research [1] as well as on neural machine translation [2]. Another significant aspect
of corpus-based research, which is of special interest in our studies, is language acquisition through
the perspective of corpus analysis. It is here where the DDL approaches comes to the fore [3; 4]. The
issue of corpus-based terminology identification and extraction, which is analysed in the given article,
is of interest to many reputable linguists [5; 6; 7; 8; 9], their studies revealing boundless possibili-
ties for terms research. Neologisms, presenting a problem for corpus linguists, is also a potentially
promising direction of automated linguistic research, with the attempts directed towards new words
identification using both quantitative and qualitative approaches to detect the semantic shift [10; 11;
12]. There is also a bunch of home scholars successfully investigating the potential use of corpora
to facilitate both linguistic research and language acquisition processes [13; 14; 15]. With new study
findings appearing every year, the field is extremely dynamic and diversified, and this trend is only
predicted to get stronger in the future.

The article is aimed at examining the potential of corpora and the capability of corpus software
to support the teaching of translation. Using the corpus generated in Sketch Engine, the research aims
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to demonstrate how to choose the most frequently used lexical elements and collocations with them,
as well as constructions that provide specific translation challenges. The latter might develop into an
essential tool for translation students to build a lexicon for efficient vocabulary learning and analysis
of the nuances of translating specialized professional texts. Special attention in the article is given
to the ways of selection and analysis of terms and terminological collocations as well as to the ways
of new words extraction. The potential to directly use the developed core vocabulary for teaching
field translation to students in the «Translation» as well as «Applied Linguistics» specialities and
the opportunities for expanding the core vocabulary’s features through additional corpus analysis of
parallel bilingual texts are what gives this study its practical value.

The main body of the article. To ensure objective and yielding results of the research we had to
create a corpus of specialized professional texts belonging to the same stylistic realm. As the legit-
imacy and effectiveness of the linguistic data gathered depend on the sequence and precision of the
steps involved in creating a core vocabulary utilizing corpus management software, the first stage
included the selection of core texts, adding them to a fresh bulk, and examining the lexical content of
the results. A total of thirty software product legal support papers, including English-language end-
user licensing agreements (EULAs), were chosen. The DOCX and PDF versions of the texts were
uploaded to the Sketch Engine corpus management and text analysis program. The Corpus Info page
displays the output data, which includes the total amount of words, phrases, documents, and tokens.
Details on the quantity of distinct units in the corpus, such as separate words, tags, or lemmas, are
provided by the LEXICON SIZES block. Token coverage and document type information are shown
in the TEXT TYPES block.

An important dimension of our complex research was the possibility of using the term recognition
and extraction function with the built-in Sketch Engine Keywords tool, which allows us to automat-
ically find monocomponent corpus keywords, multicomponent terms in the format of the corpus
terminology language, and high-frequency combinations that are specific to this corpus compared to
the reference one [7, p. 459—460]. Since the glossary is intended to be used for training future spe-
cialists in professional translation, the selection of such vocabulary is an important component of the
lexical minimum. So, in the Advanced tab, we selected the Identify Terms and Identify Keywords
options and obtained two lists with the corpus keywords and characteristic terminological combina-
tions, respectively. Since the principle of selection and ordering of both lists was the higher frequency
of use in the given corpus compared to the reference corpus (English Web 2021 (enTenTen21) by
52,268,286,493 tokens), the resulting lists were useful for compiling a glossary of the most common
words and terminological combinations in the texts of IT product licence agreements.

The Advanced tab also enables us to choose to focus on more or less frequent words in the refer-
ence corpus: moving the Focus slider to ‘rare’ will give you the lists of words sorted from most to
least unique ones in the corpus, and vice versa. Both sorting methods proved to be useful for selecting
the thematic lexical minimum, as more rare words represent the uniqueness of the corpus vocabulary,
and more common words and collocations help to effectively work on more general vocabulary that
is typical of legal language and the language of agreements and contracts in particular.

As for the relevance and validity of the keywords and term combinations, the results were ambig-
uous. While the keywords included a large amount of «noise», which is approximately 30%, the
term combinations were selected more efficiently, with only about 10% of the expressions being
invalid. The outcome can be explained by the complicated algorithm of corpora term identification
[8, p. 83-85]. In any case, such lists were definitely useful for compiling a glossary of corpus texts.

The other dimension of the frequency glossary is neologisms, or words that are quite rare. Finding
such words is problematic in Sketch Engine, as the program often tries to mark an unfamiliar word
as a part of speech based on the context or lemmatises it, equating the lemma with the original word.
On the other hand, the vocabulary of legal documents does not tend to expand its composition with
neologisms and is quite stable and conservative, while the IT sector may introduce a certain amount

179



Bunyck 2 (213) Cepisi: ®inonoziyHi Hayku HAYKOBI 3ATTUCKU

of new vocabulary due to its rapid development. However, we could not find a single effective way
to find neologisms. There is the option that they are not represented in the texts, though. The CQL
was used to search for an unrecognised lemma (‘[]’), but the system identified literally all the words
in the corpus, possibly due to the peculiarities of text marking. Using Wildcard, as an alternative,
to find words with productive suffixes or prefixes, such as ‘[word=".*ware‘]” or ‘[word="self*‘]” or
‘[word="cyber.*‘]’, did not bring any unexpected results either. Another potentially promising way
to find new words in English texts is to search for compound words formed by combining stems or
words that are written together or hyphenated. To look for compound words written together, we used
the following CQL expression:

* [word=‘"[A-Z][a-z]+[A-Z][a-z]+$’] — search for a continuous word form with two bases (21
units found).

The query was ineffective, as the retrieved units were mostly names of digital products. Our next
query was an expression to search for hyphenated compound words:

* [word=‘[A-Za-z]+-[A-Za-z]+’] — search for compound words which were hyphenated (210
items found).

The latter was more successful, as it allowed us to select unconventional word forms that are quite
uncharacteristic for the genre of formal licence agreements. To analyse the words of this query, we
used the Relative Frequency parameter, since words with a frequency of less than 5-10 per million are
considered rare. We identified 127 lexemes that satisfy this parameter. Among them, there were many
formations with semi-prefixes («non-Toshibay, «re-performance») and prepositions («version-upy,
«one-oft»), as well as abbreviations, such as «Al-enhanced», «XML-based», and frequently used
words with non-traditional spellings («micro-fibre», «human-readable»).

Thus, a comprehensive approach to the problem has yielded some results, but it should be remem-
bered that not all rare words are neologisms, as, for example, infrequent use may indicate that the
word is no longer utilised in texts of a particular filed. It should also be borne in mind that, although
legal discourse is highly stable, the language of the IT sector is traditionally full of neologisms due
to the rapid development of technology, which means that new words quickly lose their novelty
and become standardised. So the words we find are rare, but not necessarily new. The last query
prompted us to search for all the words with low relative frequency in the corpus using the Wordlist
tool, which we have already tried sorting words by their frequency by default. However, it turned
out that the words with low relative frequency account for 31.8% (1,640 units) of all words in the
corpus (5,195 units excluding «non-words», as marked by Sketch Engine), and therefore consider-
ing them is not optimal for finding rare units. It is an established fact that one of the unique ways of
word formation in English is conversion, which is extremely productive for vocabulary enrichment.
Thus, we tried to find words tagged as both nouns and verbs in the corpus, hoping to find word for-
mations among them. Yet, the standard CQL query «[pos="n‘&pos="v‘]» did not yield any results,
possibly due to the peculiarities of tagging the corpus with TreeTagger markup, a modified version
of Penn Treebank. Then we created two lists of lemmas using Wordlist, a list of all corpus nouns
and all verbs, exported them to XLSX documents, merged the lists, and used the Excel formula
«=IF(COUNTIF(B:B;A599)>0;"€ y B";"Hemae y B")» to compare them. Among the found matches,
we selected potentially non-standard ones, checked the context in Concordance using the CQL for-
mulas «[word=’selected word‘&pos="n‘]», «[word="selected word‘&pos="v‘]» and confirmed or
rejected their uniqueness. As a result, the found lexemes did not display any characteristics of new
words; we identified isolated cases of non-typical use of nouns in the function of verbs («evidencey,
«documenty) and verbs in the function of nouns («send»), which, although they cannot be consid-
ered new words, clearly characterise the features of the vocabulary typical of this genre. Another
notable fact is that some words were identified by Wordlist as nouns or verbs, but were not identi-
fied like that by the corresponding CQL formula. For example, in Wordlist, «reference» and «open»
occurred in both the noun and verb lists, but the CQL formula «[word="reference‘&pos="n‘]» and
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«[word="open‘&pos="n‘]» did not recognise them as ones. This confirms our assumption about the
different approaches to the principles of tagging and functioning of the Wordlist and CQL tools. To
summarise, we can say that the issue of effective search for new words using corpus queries remains
open and obviously requires new non-standard approaches [10; 11].

Conclusions. Let us outline the potential of the corpus-based core professional vocabulary selec-
tion for the research purposes and in translation teaching using Sketch Engine software [16]. The
frequency glossary of the most commonly used lexemes in the legal support texts for IT products,
which we created using the frequency list of all lemmas in the corpus with the help of Sketch Engine
Wordlist option, can serve as a resource for further linguistic analysis of these texts and can be used to
develop a translation glossary for practical translation training. Frequency analysis of words by parts
of speech will make it easier to choose words for the glossary, break it up into blocks according to
parts of speech, and use that information to make more accurate translation of the texts. Since the core
vocabulary selected represents distinctive aspects of the professional texts and is frequently linked to
translator issues, analysis of multi-component noun phrases and hyphenated word combinations can
aid in the creation of distinct blocks of lexical minimum for IT legal support texts. The most common
prepositional phrases in the corpus texts are a distinct layer of vocabulary that is crucial for building
a bilingual glossary of professional specialised texts, and as the linguistic units can be challenging
to learn and to translate, the latter might be helpful for the training purposes. Finding words that are
specific and unique to the texts of the specialised professional texts and compiling a list of words and
combinations that are typical of the genre in general are two possible tasks of creating a lexical min-
imum that can also be accomplished by using Sketch Engine Keywords to search for typical lexemes
and terminological combinations as well as neologisms and rare words.

The near-term prospect of the study is the corpus research of similar specialized professional texts
of other areas with the view to selecting their core vocabulary of frequent terms and terminological
combinations as well as prepositional phrases and neologisms. The latter can be obtained not only
from the monolingual but also from the parallel or multi-lingual corpora, which considerably expands
the possibilities of further linguistic research, and just as importantly, enhances the efficiency of spe-
cialised field translation training.
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